Grain nitrogen (N) uptake (GNup) in winter wheat (Triticum aestivum L.) is influenced by multiple components at the plant organ level and by pre-and post-flowering N uptake (Nup). Although spectral proximal high-throughput sensing is promising for field phenotyping, it was rarely evaluated for such N traits. Hence, 48 spectral vegetation indices (SVIs) were evaluated on 10 measurement days for the estimation of 34 N traits in four data subsets, representing the variation generated by six high-yielding cultivars, two N fertilization levels (N), two sowing dates (SD), and two fungicide (F) intensities. Close linear relationships (p < 0.001) were found for GNup both in response to cultivar differences (Cv; R 2 = 0.52) and other agronomic treatments (R 2 = 0.67 for Cv*F*N, R 2 = 0.53 for Cv*SD*N and R 2 = 0.57 for the combined treatments), notably during milk ripeness. Especially near-infrared (NIR)/red edge SVIs, such as the NDRE_770_750, outperformed NIR/visible light (VIS) indices. Index rankings and seasonal R 2 values were similar for total Nup, while the N harvest index, which expresses the partitioning to the grain, was moderately estimated only during dough ripeness, primarily from indices detecting contrasting senescence between different fungicide intensities. Senescence-sensitive indices, including R787_R765 and TRCARI_OSAVI, performed best for N translocation efficiency and some organ-level N traits at maturity. Even though grain N concentration was best assessed by the red edge inflection point (REIP), the blue/green index (BGI) was more suited for leaf-level N traits at anthesis. When SVIs were quantitatively ranked by data subsets, a better agreement was found for GNup, total Nup, and grain N concentration than for several contributing N traits. The results suggest (i) a good general potential for estimating GNup and total Nup by (ii) red edge indices best used (iii) during milk and early dough ripeness. The estimation of contributing N traits differs according to the agronomic treatment.
Introduction
Although plant breeding in winter wheat traditionally focuses on the maximization of grain yield (GY) at sufficient grain N concentration (GNC), the efficient use of nitrogen (N) for grain N uptake (GNup) is gaining more attention for reducing N surplus and increasing the effective N uptake efficiency (NupEff) of a cropping system [1, 2] . Similar to GY, GNup strongly depends on the environment. Moreover, interactions among agronomic treatment factors such as sowing date, fungicide intensity, N fertilization, and genotypes are relevant [3] [4] [5] [6] [7] [8] [9] [10] [11] [12] . Expensive field trials have to be conducted for assessing the optimum treatment levels in different cropping environments, both for the selection of N-efficient genotypes in plant breeding, and for optimizing agronomic treatment factors [13] . was September 28 for SD1 and October 23 for Cont and RF. Within each MP, each cultivar was treated in two N levels, with N1 corresponding to 60 kg N ha −1 and N2 to 120 kg N ha −1 , applied as ammonium nitrate in two equally split doses at tillering and stem elongation, respectively. The trial comprised four replicates for each factor combination (MP*N*Cv). Foliar fungicide was applied twice in Cont and SD1 plots, but not in RF plots. Fungicide was effective against the dominant pathogens Erysiphe graminis, Septoria tritici, and Puccinia striiformis, which showed only moderate incident in RF due to favorable weather conditions [12] . Above-average temperature and global radiation in March, May, and June together with high soil N supply resulted in strong vegetative growth, whereas below-average precipitation in May and June resulted in mild drought stress and accelerated senescence in some cultivars. Refer to [12] for details on the field trials, weather conditions, and treatment effects on the plant traits.
Biomass was sampled at anthesis (Zadok's growth stage 65) and at physiological maturity (growth stage 95). For each genotype within each subplot, sampling dates were determined by visual scoring. In total 30 and 60 randomly selected shoots were cut per plot at the stem base at anthesis and maturity, respectively. Plant samples were manually separated into flag leaves, flag leaves-1 (second leaf from above), 'other leaves' (remaining leaves), culms including all leaf sheaths, and spikes. Plant samples were oven-dried at 50 • C for 2-4 days until no further weight loss was observed for subsequent determination of dry matter (DM) weight. After plant sampling at maturity, all plots were harvested (1-2 August 2017) using a combine harvester, to determine moisture-corrected grain yield (0%) for each plot. After grinding, the N concentration (NC) was determined by near-infrared spectroscopy (NIRS) using a FOSS NIRS 6500 (Foss, Silver Spring, MD, USA) and a Fourier-Transform -NIRS (Bruker, Billerica, MA, USA), whereas grains were analyzed as complete kernels. The calculation of 'derived' plant traits [20] comprised the N harvest index (NHI), post-anthesis N uptake (PANup), N translocation efficiency (NTEff), N translocation (NT), the contribution of PANup to total Nup (CPostNup), and the N uptake efficiency (NupEff), both at anthesis and at maturity. See [12] for details and Table S1 for a list of included traits.
Spectral Measurements and Data Preparation
Spectral measurements were performed on 10 measurement days, covering all main growth stages from leaf development at the end of March until soft dough ripeness in July ( Figure 1a ; Table 1 ), using the mobile sensor platform PhenoTrac 4 [18] . It was equipped with a hyperspectral bidirectional passive point sensor spectrometer (tec5, Oberursel, Germany), measuring at a nominal resolution of 3.3 nm between 300 and 1000 nm at a frequency of 5 Hz. Plot boundaries were excluded and the distance to the canopy was ≈80 cm. The driving speed was ≈5 km h −1 , resulting in a sampling distance of ≈28 cm at the top of the canopy and typically 15-20 registered spectra per target plot area, which allowed gapless sampling in a longitudinal direction in the middle of the plots. The resulting measurement strip was approximately 30-35 cm wide. Measurements were localized via a real-time kinematic global positioning system (RTK-GPS; Trimble, Sunnyvale, CA, USA). Based on polygons drawn to the core target plot area, the spectra were averaged to the plot level using custom-made LabView applications. Refer to Figure S1 for an example of the trial measurements. Spectra were smoothed using a 5 band moving average filter [30] for removing spectral noise. A total of 48 spectral vegetation indices (SVI) were calculated based on a literature review of related previous studies ( Table 1 ). The SVIs were grouped by the included spectral range (visible light (VIS), red edge (RE), and near-infrared (NIR)), with VIS < 700 nm, 'extended' RE 700-765 nm, and NIR > 765 nm (Table 2; Figure 1b ). In order to include SVIs with a NIR or RE band closer to the RE than that of the normalized difference vegetation index (NDVI; NIR = 780 nm), the upper boundary of the RE was higher than the common definition since the reflection still increased in region until approximately 770 nm. Figure S2 for spectra of selected dates. Table 2 . List of spectral vegetation indices considered in this study. 'R' denotes the reflection in indicated wavebands.
Index

Full name Spectral Equation Reference
NWI-1 Normalized water index 1 NIR (R970 − R900)/(R970 + R900) [31, 32] NWI-2 Normalized water index 2 NIR (R970 − R850)/(R970 + R850) [31, 32] NWI-3* Normalized water index 3 NIR (R970 − R920)/(R970 + R920) [31] NWI-4* Normalized water index 4 NIR (R970 − R880)/(R970 + R880) [31] NWI-5 Normalized water index 5 NIR
GNDVI Green NDVI** NIR,VIS
MSAVI Modified soil-adjusted vegetation index NIR,VIS (2 * R800 + 1 − (((2 * R800 + 1) 2 − 8 * (R800 − R670)) 0.5 ))/2 [37] MSR(MSR_670) Modified simple ratio 670 NIR,VIS (R800/R670 − 1) ((R800/R670 + 1) 0.5 ) [38] MTVI2 Modified triangular vegetation Index 2 NIR,VIS 1.5(1.2 * (R800 − R550) − 2.5 * (R670 − R550))/ ( (2 * R800 + 1) 2 − 6 * R800 − 5 * (R670) 0.5 − 0.5 0.5 ) [ 
MCARI Modified chlorophyll absorption in reflectance index RE,VIS ((R700 − R670) − 0.2 * (R700 − R550)) * (R700/R670) [ * The equations of NWI−3 and NWI−4 are used as in the original publication [31] whereas the names are interchanged amongst others in [66] [67] [68] [69] ; ** Normalized difference vegetation index; *** www.indexdatabase.de; **** MEdium Resolution Imaging Spectrometer.
Statistical Analysis
SVIs were tested in simple linear regression analysis with the N traits for each sampling date, using the lm-function in R 3.4 (R Core Team, 2017). Relationships were compared by coefficient of determination (R 2 ) and the root mean square error (RMSE) derived from the deviations between fitted and measured values. The relationships were compared for (i) the full data, (ii) across the combined Cont and SD1 data (Cont_SD1), (iii) across the combined Cont and RF data (Cont_RF), and (iv) within the six main plot*N level (MP*N) combinations ( Figure 2 ) to assess the influence of the underlying treatments on the trait estimation. The MP*N blocks were considered as possible trial environments. Therefore, the results of these blocks were averaged and compared for the aggregated, averaged results. This approach can simulate conditions for phenotyping genotypic variation as relevant for plant breeding, whereas (i-iii) are referred to as 'agronomic' conditions. The relationships were compared with respect to estimation potential by trait, index ranking, and optimum measurement stages. 
SVIs were tested in simple linear regression analysis with the N traits for each sampling date, using the lm-function in R 3.4 (R Core Team, 2017). Relationships were compared by coefficient of determination (R²) and the root mean square error (RMSE) derived from the deviations between fitted and measured values. The relationships were compared for (i) the full data, (ii) across the combined Cont and SD1 data (Cont_SD1), (iii) across the combined Cont and RF data (Cont_RF), and (iv) within the six main plot*N level (MP*N) combinations ( Figure 2 ) to assess the influence of the underlying treatments on the trait estimation. The MP*N blocks were considered as possible trial environments. Therefore, the results of these blocks were averaged and compared for the aggregated, averaged results. This approach can simulate conditions for phenotyping genotypic variation as relevant for plant breeding, whereas (i-iii) are referred to as 'agronomic' conditions. The relationships were compared with respect to estimation potential by trait, index ranking, and optimum measurement stages.
Figure 2.
Datasets used for evaluating trait-index relationships. Three 'agronomic' datasets correspond to data of the whole trial ('full data'), the combined main plots (MP) control (Cont) and reduced fungicide (RF; Cont_RF), as well as the combined MPs Cont and sowing date 1 (SD1; Cont_SD1). MP*N represents the testing within the six subplots as the interaction of main plots (MP) and N fertilization level (N; N1: 60 kg N ha −1 ; N2: 60 kg N ha −1 ). In SD1, five plots were removed due to missing data or plot damage.
The indices were quantitatively ranked by their normalized performance for each trait in each dataset in order to overcome the influence of differing growing conditions as well as the date-specific index ranking. Therefore, within each of the three 'agronomic' datasets and the MP*N data, the across-date mean and maximum coefficients of determination (R²) of each index/trait combination were normalized to the trait-specific average mean and maximum R² from all SVIs. In order to achieve a more robust ranking across underlying treatments, both the within-dataset mean and maximum rankings were summed up across the three 'agronomic' datasets. Consequently, the mean-and maximum-based rankings were combined through summing up both rankings (i) for the agronomic approach and (ii) for the MP*N approach. Considering a selection of indices robust towards datespecific suitability as more important, the mean-based ranking was double-weighted. These weighted mean/maximum-rank sums (WMMRS) were compared between the agronomic and the MP*N approach. WMMRS values were used for identifying one trait-specific optimum index from the 'agronomic' approach. A WMMRS < 9 indicates below-average and WMMRS > 9 indicates aboveaverage index performance for a specific trait. The performance of this WMMRS-based best indices was compared over time both in the agronomic and the MP*N datasets. Additionally, the 'agronomic' rankings were compared to the WMMRS rankings of the MP*N approach by Spearman's rank correlation coefficient.
In order to validate the initial index grouping based on the included spectral bands, the indices were grouped by a cluster analysis (Ward's method) based on the coefficients of determination achieved for the studied traits.
Agronomic approach
Full data, n = 139 Cont_SD1, n = 91 Cont_RF, n = 96 The indices were quantitatively ranked by their normalized performance for each trait in each dataset in order to overcome the influence of differing growing conditions as well as the date-specific index ranking. Therefore, within each of the three 'agronomic' datasets and the MP*N data, the across-date mean and maximum coefficients of determination (R 2 ) of each index/trait combination were normalized to the trait-specific average mean and maximum R 2 from all SVIs. In order to achieve a more robust ranking across underlying treatments, both the within-dataset mean and maximum rankings were summed up across the three 'agronomic' datasets. Consequently, the mean-and maximum-based rankings were combined through summing up both rankings (i) for the agronomic approach and (ii) for the MP*N approach. Considering a selection of indices robust towards date-specific suitability as more important, the mean-based ranking was double-weighted. These weighted mean/maximum-rank sums (WMMRS) were compared between the agronomic and the MP*N approach. WMMRS values were used for identifying one trait-specific optimum index from the 'agronomic' approach. A WMMRS < 9 indicates below-average and WMMRS > 9 indicates above-average index performance for a specific trait. The performance of this WMMRS-based best indices was compared over time both in the agronomic and the MP*N datasets. Additionally, the 'agronomic' rankings were compared to the WMMRS rankings of the MP*N approach by Spearman's rank correlation coefficient.
Results
Optimized Date Selection by Plant Trait and Index
The maximum coefficients of determination (R 2 ) were calculated for each trait*date combination from all SVIs as a measure of the potential to estimate the 34 plant traits ( Figure 3 for full data; Figure S3 for other datasets). The relationships were low or moderate (R 2 < 0.40) before anthesis (06/08) but increased during grain filling. For most traits, relationships increased at stem elongation and booting (05/17 and 05/25, R 2 ≈ 0.20-0.50), but decreased sharply around ear emergence (06/01). Low relationships were found for post-anthesis Nup (PANup), the contribution of PANup to total Nup (CPostNup), and Nup efficiency (NupEff). Regarding the N concentration (NC) traits, NC of flag leaves and flag leaves-1 at maturity were best assessed, particularly on the late days (beginning of July, dough ripeness). Among direct Nup traits, relationships were closest for grain Nup (GNup) and total Nup. Similar seasonal maximum R 2 patterns were found for the other 'agronomic' datasets, Cont_SD1 and Cont_RF ( Figure S3 ). For several traits, higher R 2 values were found in Cont_SD1 during stem elongation (05/17 and 05/25) and during grain filling, as well as for various traits in MP*N.
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Optimized Index and Date Selection Considering the UnderlyingTtreatments
Grain Nup
The estimation of GNup primarily relied on the assessment of its 'accumulative component' (i.e., total Nup at maturity), which was well assessed in all datasets with the best index based on the weighted mean/maximum-rank sums (WMMRS), NDRE_750_770, always during milk ripeness (06/26; R 2 = 0.57-0.59 in the agronomic datasets and R 2 = 0.35-0.78 in the individual MP*N datasets; Table 3 ). In contrast, moderate relationships were observed for the 'partitioning component', N harvest index (NHI), only for the full data, Cont_RF and some MP*N combinations ( Figure 4 ; Table 3 ). The index rankings were similar for GNup and total Nup with NIR/RE and NIR/RE/VIS combinations ranking highest both in the agronomic and MP*N datasets ( Figure 5 ). GNup was similarly detected seasonally as total Nup (Figure 5a ,b), with similar R 2 values and the highest precision observed as well as milk ripeness (RMSE = 9.7-16.7 kg N ha −1 ; Table 3 ; Figure 6 ). In contrast, the water band index NWI_2 ranked highest for NHI; however, the relationships were not consistent for the different datasets (Figure 5c; Figure 6c ). Weaker relationships were found for total Nup and GNup at booting/grain filling than at stem elongation, and especially during grain filling. 
Further Direct N traits
Index relationships for total Nup were weaker for anthesis Nup (Figure 7 ) than those for maturity Nup (Figure 5 ), but the index rankings were comparable. Moreover, the seasonal pattern was comparable for the full data, MP*N (Figure 7) , and the other subsets ( Figure S5 for total Nup). Both in the 'agronomic' and MP*N rankings, the index rankings for organ-level Nup were comparable with those for total Nup at anthesis and maturity (Figure 9 ). The Nup of spikes (at anthesis) and chaff (at maturity) was moderately detected by the WMMRS-based indices of the agronomic approach (R 2 = 0.28-0.36) in Cont_SD1 and MP*N treatments (Table 3 ). Among the anthesis Nup traits, the Nup of flag leaves-1 was best detected (R 2 from the REIP = 0.40-0.51 at anthesis; Table 3 ; Figure 7) , followed by the Nup of flag leaves and stems ( Table 3 ). In contrast, in spite of the good assessment of total Nup at maturity, only moderate relationships were found for straw Nup, primarily in the full data and in Cont_RF (R 2 = 0.42 and 0.51, respectively), whereas the TCARI_OSAVI, the WMMRS-based best index in the agronomic approach, failed in the MP*N dataset ( Table 3 ). The same index ranked highest for maturity Nup of stems, flag leaves, flag leaves-1, and the aggregated leaf Nup of all leaves, with moderate relationships (R 2 = 0.37-0.46) in the full data and Cont_RF but weaker relationships in the MP*N data despite useful estimation of these traits from other indices (Figure 4 ).
Derived N Traits
Although the post-anthesis component PANup was not sufficiently assessed by any index, moderate relationships (R 2 = 0.26-0.33; Table 3 ) were found for the N translocation (NT) from the same index which ranked highest for total Nup at anthesis, NDRE_770_750, always at anthesis (Figure 7) . In contrast, good relationships were observed from a few indices including the WMMRS-index R787_765 at soft dough ripeness for N translocation efficiency (NTEff) only in the full data (R 2 = 0.42) and Cont_RF (R 2 = 0.54) (Table 3; Figure 7 )-driven mainly by the lower NTEff in the RF plots compared with the Cont and SD1 plots. For the NupEff at maturity, which relates the Nup to the amount of fertilized N, the WMMRS-based best index R787_765 primarily captured the influence of both N levels irrespective of the main plot treatments in the agronomic datasets (Table 3 ).
N Concentration Traits
Organ-level N concentration (NC) was rarely detectable in the MP*N subsets with the exceptions of flag leaves-1, and 'other leaves' at anthesis (06/08; R 2 = 0.28 and R 2 = 0.29 from the BGI), and grain NC (GNC; 05/25; R 2 = 0.26 from the REIP; Table 3 ). Driven by the positive effect of N fertilization on GNC in all main plots, relationships for GNC were closer in the agronomic datasets than in most MP*N except the RF-MPs (Table 3 ; Figure 8 ), with R 2 peaks of the WMMRS-index REIP at booting and milk ripeness. Since reduced fungicide use in RF affected the release of leaf nitrogen, leaf NC at maturity was well detected in the full data and Cont_RF. However, this was based on few indices, including the R787_765 and the MCARI, and restricted to late growth stages. 
Index Rankings According to Trait and Dataset
The WMMRS are depicted in Figure 9 for the combined rankings from the three 'agronomic' datasets ('full data', Cont_SD1, and Cont_RF; Figure 9a ), as well as for the rankings from the MP*N data (Figure 9b ). Owing to several upper outliers, values greater than 15 were colored with the same blue shading to allow for better comparisons of the other values. Only rankings for trait*index combinations that reached R 2 values > 0.20 are shown. For the following traits, no index exceeded this threshold for the agronomic datasets: NC of spikes at anthesis as well as the derived N traits PANup, CPostNup, and NupEff at anthesis. The rankings for the NC traits were diffuse with several indices reaching high rank values for each few traits, but on a low absolute R 2 level (Figure 4) . For most Nup traits, a clear advantage of most RE-based indices is visible. The indices NDRE_770_750, R780_R740, REIP, R760_R730, Maccioni, and RVSI excelled through high-rank sums for most of the Nup traits in both rankings. R787_765 and TCARI_OSAVI reached higher rank sums (WMMRS >17) for maturity NC and Nup traits as well as NTEff and NHI in the agronomic ranking, but not in the MP*N ranking. In contrast, most NIR/VIS and VIS indices were not particularly useful for the assessment of any N trait. Overall, only a few indices reached 'relevant' relationships (R 2 > 0.20) in both rankings for most NC traits and derived N traits. This was also the case for direct Nup traits in the agronomic approach, while index rankings differed less in the MP*N approach.
To compare the possibility of transferring the optimized index selection between datasets, the rankings of both matrices were correlated against each other (Table 4 ; Figure S6 ). Interestingly, rankings were substantially more stable (Spearman's ρ > 0.84 ***) for all traits of anthesis Nup, GNup (Nup Mat. grain), and total Nup at both growth stages, whereas rankings for leaf Nup at maturity were negatively correlated except for 'other leaves.' Rankings also differed substantially for most NC traits but were stable for the NC of grains (ρ = 0.91 ***) as well as of flag leaf-1 at anthesis. Among the other traits, stable rankings (ρ > 0.86 ***) were found for NT only. Table 4 . Spearman's ρ and significance level (*** p < 0.001; ** p < 0.01; * p < 0.05; n.s.: not significant) of the correlations between the agronomic and the MP*N index rankings (Figure 9 ) by target trait. See Figure S6 for scatterplots between both rankings. 
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Re-Assessing the Index Grouping
A cluster analysis was conducted based on the coefficients of determination for all trait*index*date combinations for comparing the initial index grouping according to the spectral regions with the grouping on the basis of the effective performance for all considered plant traits. For the full data, the clustering grouped the indices into two first-order branches. The NIR-based water band indices formed the most homogeneous group with a uniform second-order branch in the full data ( Figure 10 ). The VIS indices were grouped in the second branch within the same first-order branch as the NIR indices, together with TCARI_OSAVI, R787_765, MCARI, DD, and PSRI as well as the NIR/VIS indices EVI, MCARI1, MCARI2, and MTVI2. The second first-order branch was subdivided into two branches as well: One dominated by most NIR/VIS indices, in addition to the R730_R670 and R760_R670, and the other branch containing most red edge-based indices as well as the NIR/green indices GNDVI and R780_R550. The grouping into four main groups was similar in all four datasets (not shown). In addition to the consistent groupings of the water-band indices, some indices were consistently grouped closely together: PRI + BRI, MCARI2 + MTVI2, TCARI_OSAVI + R787_R765, NDRE_770_750 + REIP + R780_R740, GNDVI + R780_R550, MND_750_705 + MSR705_445, R760_R730 + NDRE + VOG2 as well as HVI + VOG1+ LCI + NDVI4. NWI_3  NWI_5  NWI_2  NWI_4  NWI_1  WBI  ARI  MCARI  R787_R765  TCARI_OSAVI  GNDVI  R780_R550  HVI  VOG1  LCI  NDVI4  RVSI  REIP  NDRE_770_750  R780_R740  MND_750_705  MSR705_445  R760_R730  NDRE  VOG2  Maccioni  MTCI  NDVI1  NDVI3  MSAVI  NDVI2  OSAVI  R780_R670  R760_R670  MSR_670  WDRVI  PSSR  R730_R670  PRI  BRI  EVI  PSRI  BGI  MCARI2  MTVI2  MCARI1  VARIgreen  DD   NIR  NIR_RE  NIR_RE_VIS  NIR_VIS  other  RE RE_VIS VIS Figure 10 . Cluster analysis based on Ward's method on index kinship based on the performance for all dates and traits in the full data (n = 10*34 -> 340). Colors indicate initial index groups based on the included spectral regions (Figure 1b ).
Discussion
This study evaluated the influence of the selection of measurement stages/dates and spectral vegetation indices (SVIs) on the estimation of various GNup-related N traits.
In-Season Estimation of Grain N Uptake and Contributing N Traits
Similar to grain yield (GY), GNup is formed over time but relies substantially more on the pre-anthesis component-Nup until anthesis-and its efficient translocation (NTEff). The resulting N translocation (NT) contributed on average ≈96% to GNup in RF and ≈91% in Cont and SD1, respectively, in the present data [12] . Although GNup was reduced by ≈9% in RF and increased by 5% in SD1, compared with Cont, NTEff (−8%), and NT (−5%, not significant) which were affected only in RF. The N harvest index (NHI) varied little between cultivars but was substantially higher than the DM harvest index (NHI ≈0.78 in RF, 0.84 in Cont and 0.85 in SD1). However, total Nup differed substantially both in the 'agronomic' datasets and between cultivars within the MP*N combinations. The fact that GNup was not closely related to GNC (R 2 = 0.38 ***) in the full data [12] explains that the seasonal R 2 patterns and the index rankings of GNup and GNC differed substantially. However, considering the high contribution of NT to GNup [12] , high R 2 values were reached for GNup already at stem elongation, the phase of maximum Nup [70] . The ear emergence stage was not suitable for detecting GNup and total Nup, which is likely an effect of phenological shifts that impact the spectral signal [71] . Although the seasonal pattern is consistent with previous years in the same environment [26] , other studies recommend ear emergence for wheat [28] or anthesis for spring barley [72] , indicating that the variation in ear emergence should be accounted for, depending on the underlying treatments.
Both the similar temporal R 2 patterns and index rankings for total Nup as for GNup are in accordance with the close relationship between both traits (R 2 = 0.88 *** in the full data and R 2 = 0.64-0.97 within the MP*N datasets; [12] ), whereas NHI was poorly (R 2 = 0.17 * in the full data) or not (in MP*N) related to GNup. The estimation of NHI-only driven by its lower values in RF compared with Cont and SD1-may relate to the detection of differences in leaf senescence. Testing the spectral estimation of various biomass and N traits for phenotyping breeding lines, Frels et al. found useful relationships for NHI only in one of two years from the TCARI_OSAVI. In contrast to the present study, they also reported moderate, yet year-dependent, correlations for PANup; however, for a substantially broader data range in both traits.
The clear advantage of most red edge (RE)-based indices for most Nup traits is well in line with previous findings regarding the higher sensitivity of the RE reflection for overcoming saturation in the red region and for estimating the N status [27, 54, [73] [74] [75] . Thus, in particular NIR/RE indices that replaced the VIS band with a RE band [76] performed well. In contrast, the placement of the right-sided band appeared to be less crucial as indicated by the similarity in rankings from the R760_R730, R780_R740, NDRE, and NDRE_770_750 as well as of the LCI and the Maccioni index. Thus, the Maccioni index was previously recommended for GNup and NupEff [28] , the NDRE_770_750 [26] and the REIP [77] for GNup, and the R780_740 for total Nup and for N use efficiency [27] . In contrast, some RE/VIS indices-notably the NDVI4, MTCI, MSR_705_445 and MND_750_705-ranked similarly to each other, but rarely best for any of the traits.
The comparable seasonal R 2 pattern and index rankings for GNup as for total Nup at anthesis relates to the correlations between the traits (r = 0.48 ***; not shown). However, GNup was better assessed than vegetative Nup, possibly owing to the stage-specific sampling at anthesis, including a sampling interval of a few days, which reduced the variance in vegetative Nup. The mostly better detection of Nup of leaves than that of stems and spikes/chaff confirms results on spring barley [18] and is plausible, considering that the sensor predominantly detects the horizontally aligned leaf blades [78] . Thus, the observed detection of other organs may indicate rather indirect relationships via correlations with leaf traits. In contrast to anthesis Nup, vegetative Nup at maturity was substantially influenced by the reduced NTEff as introduced by reduced fungicide, which correlated with total leaf Nup at maturity (full data: r = 0.79 ***; not shown). Thus, indices suited for NTEff as well as for NC (R787_R765 and TCARI_OSAVI) were able to detect vegetative Nup at maturity in the agronomic data (Figure 7) , but not the cultivar differences in MP*N. The similarly high rankings of both indices for many organ-level NC and Nup traits at maturity, NTEff, and NHI suggest a specific senescence sensitivity of these indices, because all these traits were altered by fungicide and N level effects [12] . This is in line with previous recommendations of these indices for retrieving NC in grassland [52] or chlorophyll [55] , respectively.
Estimation of N Concentration Traits
The estimation of NC or chlorophyll content previously focused on leaf NC or NC of the total plant for optimizing N fertilization before anthesis [15] . However, the resulting N status at anthesis and grain filling is crucial for the formation of GY and GNup as well. Although RE/VIS indices previously optimized for leaf NC or chlorophyll content including the DD [60] , MND_750_705, MSR_705_445 [62] , and MTCI [63] , ranked high for either one of the leaf layers, the VIS indices blue/red pigment index (BRI) and BGI were more consistent over time, for all three leaf layers and both in the agronomic and the MP*N approaches. Blue bands were less commonly used, but the BGI was also confirmed for chlorophyll retrieval in barley [79] and vine [48] , in contrast to the BRI which was found less useful [48] . Such VIS indices are interesting because they are also available from simple red-green-blue (RGB) cameras [80] . Similar to Nup, NC of vegetative organs at maturity relates to variation in NTEff. Thus, the fungicide-related variation in the full data was captured by indices sensitive to senescence, whereas in the MP*N data, cultivars may not have sufficiently differed in NTEff.
Stability of Index Rankings by Datasets and Index Grouping
Year and treatment effects can be substantial, particularly on the derived N traits [20] ; therefore, the comparison of index rankings addresses the influence of the underlying treatments. Similarly as for most Nup traits, the constant index rankings found for the important traits GNup and GNC are promising (Table 4; Figure 11 ). In contrast, trait variation introduced by N fertilization and differing fungicide intensities in the agronomic data may explain substantially differing index rankings (correlations between rankings < 0.67; blue colored in Figure 11 ) for many maturity-related NC and Nup traits. Mostly, those traits were not reliably assessed in MP*N but they were in the full data approach (bottom right quadrant in Figure 11 ). While indices selected for green-colored traits (transferable rankings) are promising for a more independent application, the index selection for blue-colored traits would require more consideration of the underlying treatments and/or trial environments.
The SVI clustering confirms the similarity in the index rankings and indicates that most SVIs grouped together by spectral bands gather similar canopy information. This is particularly the case for the NIR-based indices, which include the same water absorption band, as well as for the VIS indices, whereas the delimitation of RE-SVIs was less stringent. The similar grouping of the R787_R765 and the TCARI_OSAVI with VIS indices is in line with their discussed sensitivity of senescence-related pigment information. Similarly, RE/VIS indices, which were previously optimized for pigment detection (DD, MCARI, and PSRI [43, 61, 62] ), were grouped together with VIS indices. Some RE/VIS indices based on the R670 band being grouped with the NIR/VIS indices support that choosing an upper band left to the NIR plateau had little impact compared to NIR/VIS indices similar to the NDVI.
The hyperspectral data used in this study yields optimized narrow-band SVIs. The information of relevant spectral bands used by these SVIs can be transferred to the band selection and the design of optimum multispectral sensors. Such sensors are less expensive, more robust and therefore better suited to be used by practitioners on tractors or drone platforms. Further aspects of view geometry, sensor resolution, and illumination conditions need to be addressed in this context. Figure 4 ) in the full data and the MP*N approach. The data is colored by Spearman's ρ (green: ρ > 0.67, blue: ρ < 0.67) on the correlations between the WMMRS rankings of the 'agronomic' and the MP*N approach (Table 4 ). Dashed lines mark the 1:1 line and arbitrary R 2 thresholds (0.3) for categorizing the traits by R 2 values in both approaches.
Conclusions
Aiming at exploiting spectral proximal sensing for practical use in agronomic field trials, optimizations are required in the selection of (i) vegetation indices depending on the sensor and (ii) suitable growth stages for measurements, while a better understanding of the traits contributing to final GNup and their treatment response is equally important [12] for understanding (iii) the trait detection. With respect to (i), the results confirm the usefulness of NIR/red edge indices. For (ii), although the milk ripeness stage was generally best suited, moderate relationships observed already at stem elongation have the advantage of seasonally earlier estimations. In contrast, the ear emergence/anthesis phase should be avoided, probably owing to phenological shifts among cultivars. With respect to (iii), the results suggest that GNup is well estimated spectrally, similarly to total Nup under various trial conditions, whereas partitioning to the grain is not generally visible to the sensor. Although leaf information was better detected, N status of other organs could be moderately estimated as well, however the mechanism of the organ-specific detection may be indirect and should be further evaluated. The N translocation could be estimated in a similar manner as the closely related Nup at anthesis. Several traits-including most vegetative NC and Nup traits at maturity, NHI, and NTEff-were detected in the context of accelerated senescence without leaf fungicide in RF, but not for genotypic variation in MP*N.
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